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In this work, three optimization algorithms, namely: genetic

population and each individual is evaluated through a fitness
function. A new population is then generated through the process
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BDE must have a proper binary mutation strategy that does not
add significant computation overhead when it operates with long
C. Particle Swarm Opt|m|zat|on test sequences in large sequential circuits. The mutation strategy
needs to have a mutant rate that excludes a part of the test
sequence from being mutated to reduce the testing time.

Research Objectives

The overall objective when dealing with ATPG is to find the minimum number of test sequences that detect all testable faults in the shortest
test time possible. This project primarily analyzes evolutionary algorithms and swarm intelligence algorithms in ATPG for synchronous
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